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Abstract  
 
The causal link between globalization and attitudes towards the poor has never been established in an empirical 
test. We propose and test the hypothesis that in less developed countries (LDC), globalization in the form of 
foreign direct investment (FDI) can reduce altruism towards the poor due to the perception that FDI provides 
the poor with a way out of poverty. Building upon Piketty (1995), we further predict that the impact of FDI on 
giving to the poor will be most negative among the upper income conservatives and the least negative among 
lower income liberals.   We conducted a framed field experiment in India where survey takers can redistribute 
their compensation to the poor living near industrial areas. We find that mentioning foreign ownership 
decreases donations when the industry is in the low skill sector but not if it is in the high skill sector. This 
suggests that FDI has an impact of giving when it changes perceptions about opportunities for the poor. Cross-
country regressions using the World Values Survey not only confirm this link but further establish that FDI has 
the most negative impact on giving among upper income conservatives and the least negative impact among 
lower income liberals. Taken as a whole, our findings suggest that there is indeed a causal link between 
globalization and altruism towards the poor that is mediated by beliefs about opportunities for the poor.  
 

 
1.* Introduction*

*

How does the rapid expansion of global markets change citizen’s support for redistribution? The   

abundance of existing research on preferences towards redistribution sheds little light on this question. Scholars 

tend to focus on the way rigid micro-level factors such as demographic background, income, an ideology 

determine initial support for redistribution. We know surprisingly little about whether external, macro-level 

events induce individuals to change their position.1 Interestingly, worldwide surveys indicate wide fluctuations 

in recent years in the general public’s views of inequality, poverty, and government social responsibilities (Pew 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
1 Margalit. (2013) is an important exception that explores the impact of crises on redistribution in the United States only. 
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Research Center 2007, 2014, World Value Survey 1995, 1999). These fluctuations are often anecdotally tied to 

globalization.  

We are motivated by a wide body of research that assumes, but does not test,  that globalization 

increases citizens’ demands for redistribution because of the concomitant increases in economic risks and 

uncertainties (e.g. Ruggie 1982, Scheve and Slaughter 2004, Wibbels 2006, Rudra 2008, Rodrik 1996, 2011, 

Ehrlich and Hearn 2013).2 Despite its intuitive appeal, this assumption is questionable: in many countries, 

globalization may not be perceived as something that threatens job security. In fact, policymakers in less 

developed countries (LDCs) heavily advertise foreign direct investment (FDI) as a solution to poverty.3 The 

presence of multinationals may be a welcome signal of a promising economic future for developing economies. 

This assumption also needs to be reexamined given the tendency of redistribution studies to lump together 

social insurance-type policies and public programs for the poor. Most countries in the world are developing 

economies, in which social insurance policies tend to be limited or nonexistent. Support for public programs for 

the poor (pro-poor redistribution) is far more relevant when addressing redistribution in LDCs.  

The aim of this paper is two-fold; we investigate whether globalization changes public willingness to 

support the poor in LDCs, and if so, which group(s) of individuals drives this change. We focus on FDI (foreign 

direct investment) since FDI in LDCs is a relatively new phenomenon (Kobrin 2005) that manifests in a 

proliferation of multinational companies (MNCs) and brands that are highly visible to the general public.  

Previous research establishes that support for redistribution is high when inequality is perceived as resulting 

from factors external to one’s control. Since FDI is rationalized by policymakers in LDC as a solution to 

poverty, we anticipate that globalization, operationalized as FDI, will actually decrease support for 

redistribution in LDC. In the process of assessing this hypothesis, we also seek to address whether citizens 

differentiate between different types of FDI, and perceive that some types of FDI are better for the poor than 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
2"Also see Kaufman and Segura 2001, Hansson and Olofsdotter 2008, Nooruddin and Simmons 2009, Mukherjee and Singer 2010, 
Burgoon 2012. Walter (2010) is an exception that assesses impact of globalization on demands for redistribution in Switzerland only."
3For example, the finance minister of Zambia in 2009, Situmbeko Musokotwane, stated “There is no country that has fought poverty 
without attracting FDI” (The Post (Zambia), August 9, 2009)  
"
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others. It may well be that a decrease in redistribution support occurs only when the public sees that FDI enters 

low-skilled sectors commonly associated with opportunities for the poor, such as textiles or food and beverage 

manufacturing.  

Related to this question is whether the general public in LDC shares the same perception about the 

benefits of FDI for the poor or if certain segments of society perceive more benefits of FDI than others. 

Intuitively, reactions to globalization are likely to differ markedly based on income and ideology. For example, 

the rich may predict positive impacts of FDI on the poor (and reduce redistribution) faster than the poor do. 

Liberals may no longer believe that the poor are poor because of luck. Conservatives, whose giving are 

motivated by efficiency, may be more sensitive in integrating new information in their giving than others. To 

adjudicate between these possibilities, we apply Piketty’s (1995) seminal model of redistribution preferences to 

an environment where FDI represents an external shock to beliefs about social mobility. According to this 

model, the segment of society that most overestimates the rewards for hard work will correspondingly most 

underestimate structural constraints (e.g., corruption, availability of jobs). We extend this to hypothesize that 

therefore, given information about improved structural conditions, the most drastic change in support for 

redistribution will come from this group. Since rich conservatives (poor liberals) overestimate the role of effort 

most (least), the model predicts that FDI will cause the largest (smallest) drop in support for redistribution from 

rich conservatives (poor liberals).  

Testing our predictions and establishing a causal link between FDI and redistribution support in LDCs is 

challenging with empirical data. First, there is the issue of endogeneity: countries with prominent FDI presence 

may be systematically different from countries where FDI is scarce in ways that also affect their citizens’ 

concern for the poor. In addition, most empirical studies on redistribution have relied on public opinion surveys 

where the dependent variable is an expression of political support for redistribution policies, not the willingness 

to actually pay for it. Experiments get around this problem of ‘cheap talk’ by asking individuals to make real 

monetary decisions. There is, however, a drawback: the higher cost of experimentation often necessitates 

conducting experiment only in a single setting, opening it up for critics to question its external validity.    
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To address these challenges, our project combines both approaches. To test the causal link between FDI 

and the willingness to support the poor, we first implement a framed field experiment in India where survey 

takers are given an opportunity to donate part of their survey compensation to the poor. We uncover the impact 

of FDI by framing the industry near the poor neutrally or as ‘US owned’. We add an additional layer of 

experimental treatment by randomly assigning individuals to give to recipients near a low skill industry or a 

high skill industry, resulting in a 2x2 design. As a first step towards external validity, we contrast our 

experimental findings to cross-national regression from the World Values Survey.4 

The results from our experiment are striking. We find strong evidence that giving to the poor is 

significantly reduced under the FDI framing compared to the neutral framing. This is only true, however, if the 

local industry is low skilled, which is consistent with our intuition that in LDCs, low skill FDI is seen as 

providing more opportunities to the poor. Our findings directly challenge conventional wisdom that FDI 

universally increases citizens’ support for redistribution, which has been based solely on social insurance data 

from OECD countries.  

We also find strong evidence for the prediction derived from Piketty (1995). We find that FDI framing 

induced the largest reduction in giving among rich conservatives and the smallest reduction among poor 

liberals.   This right–to-left ordering of the impact of FDI is even more pronounced in the cross country 

regression of WVS data. This suggests that ideology and income not only jointly determines initial willingness 

to care for the poor, but also mediates how one interprets the impact of macroeconomic events on the poor.  

Our analysis makes a substantial departure from previous literature. First, our study of the link between 

globalization and redistribution focuses on FDI in LDC, as opposed to trade and/or developed countries.  

Second, we use both experimental and cross-national evidence, combining behavioral economics and 

international political economy (IPE).  Finally, in using Piketty (1995) to develop testable hypotheses about the 

heterogenous impact of FDI on redistribution preferences, we are the first to connect this model to the impact of 

macroeconomic shocks on beliefs about social mobility. Our findings caution that globalization continues to be 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
4 This question was asked in 1995, a period where most of the FDI in LDC were concentrated on low skill industries. 
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controversial in the developing world; FDI may unleash heady ideological battles, particularly about how it 

affects the large population of poor that continue to exist in developing economies.  

 

2. Literature and Theoretical Foundations  

 A voluminous literature in political science focuses on identifying the determinants of preferences for 

redistribution, and generally assumes that individual’s pro-poor redistribution preferences are fairly fixed. These 

studies center on four broad categories of explanations:  (1) demographic attributes such as gender, age, race, 

and religion (e.g. Luttmer 2001; Ponza et al 1988; Jaeger 2009, Scheve and Stasavage 2006, Svallfors 1997, 

Finseraas 2008); (2) ideological differences that may be driven by whether individuals believe people are poor 

because of their laziness (i.e., effort) or due to circumstances outside of their control (i.e., luck) (e.g., Fong 

2001, Krawczyk 2010, Ravallion and Lokshin 2000, Alesina and Angeletos 2005)5; (3) economic self-interest, 

with support for redistribution low amongst individuals who earn high incomes (Benabou and Ok 2001, 

Ravallion and Lokshin 2000, Moene and Wallerstein, Alesina and La Ferrara 2005, Alesina and Guiliano 2009, 

Checchi and Filippin 2004, Beckman 2006, Neudstadt and Zweifel 2009); and  (4) inequality aversion (e.g., 

Ebert and Hagen 2000, Mittone 2003, Luttens and Valfort 2007, Terra and Mattos 2013). 

   This strand of social policy research that emphasizes static preferences has thus far existed in mutual 

isolation from experimental research in behavioral economics on prosocial behavior. With a focus on generating 

empirical tests for hypothesized utility representations of prosocial behavior, experiments in behavioral 

economics has focused on the sensitivity of generosity to beliefs about the poor (Fong 2001, Fong and 

Oberholzer-Gee 2011), norms about the appropriate amount to give (Shang and Croson, 2009, Jones and 

Linardi 2014), and the ability to justify not giving (Dana, Weber and Kuang 2007, Dellavigna et al 2012, 

Linardi and McConnell 2011).  As far as we are aware, this paper is amongst the first to combine the two 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
5 Generally, voters on the left tend to believe that the poor are victims of circumstances beyond their control (luck) and therefore 
support higher levels of pro-poor redistribution. "
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literatures to explore the hypothesis that beliefs about the poor are revised with macroeconomic events such as 

the arrival of FDI in LDC, triggering micro-behavioral changes in ordinary citizens.  

 

FDI and pro-poor redistribution support 

Why might the arrival of FDI in LDC induce ordinary citizens to change their support for the poor? The 

answer is in the way national policymakers, Washington pundits, media officials, and international financial 

institutions rationalize multinationals in LDC. Take for instance statements by Zambia’s foreign minister: 

The Zambian economy will not grow to expected levels that could reduce poverty if FDI was not 

attracted in the country.  There is no country that has fought poverty without attracting FDI, …so let us 

not resist and discourage FDI since it is good for us as capital for job creation and technology transfer  

      

      The Post (Zambia), August 9, 2009) 

Even more recently, the headline of an article about Bangladesh from The Financial Express, Oct 26, 2014 

stated 'More FDI needed to generate employment, cut poverty'.6  All around less developed countries, 

policymakers in LDC have been widely marketing FDI as a symbol of progress, a stark contrast from the 

dependency era, and the solution to poverty.  

 Experimental research on charitable giving offers insights on why these statements might impact 

redistribution support. To begin, giving appear highly responsive to the perception that the recipient is 

responsible for his own poverty – a perception that appears to be formed independent of objective measures of 

social mobility. 7  Cappelan et al (2014) find in an experiment that the willingness of a third party to redistribute 

between the winner and the loser of a lottery decreases when there is a perception that the unlucky lottery 

participant could have chosen a different game. This is even when changing the game would not have improved 

the loser’s economic outcome.  Consequently, if foreign companies are marketed in LDC as providing new 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
6 The Financial Express, Oct 26, 2014. http://www.thefinancialexpress-bd.com/2014/10/26/63045 
7 More specifically, Alesina and LaFerrara (2005) contrast perception of social mobility against an index developed using predictions 
from economic theory of expected future income.   
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opportunities for the poor, their presence may induce people to perceive the poor as either needing less help or 

less deserving of help.  

 Of course this is not the only mechanism through which FDI may affect support for redistribution. For 

example, the mere mention of foreign companies may evoke anti-western/anti-imperialist sentiments among 

citizens of developing countries. Whether these sentiments result in more or less giving, this alternative 

mechanism predicts the same reaction to FDI irrespective of the sector since it is activated by the “foreign-ness” 

of FDI. 8 On the other hand, the “better opportunities” mechanism suggests that citizens’ reaction will be 

sensitive to the type of FDI:  giving to the poor will only drop when FDI enters sectors associated with jobs for 

the poor (e.g the low skill sector).  

 

H1:  The presence of FDI in the low skill sector reduces support for pro-poor redistribution. However, 

the presence of FDI in high skill sectors would not reduce support for pro-poor redistribution. 

 

The next question is: whose preferences are affected by FDI?  It is highly unlikely that all individuals 

share the same view about the way FDI changes the poor’s economic circumstances. Drawing from both 

globalization and redistribution literatures, we anticipate that FDI is most likely to change group preferences 

along the lines of income and ideology.   

 

FDI, the rich, and redistribution   

Our second hypothesis is that the presence of FDI is likely to most drastically reduce giving to the poor 

among the rich. To begin, the rich in developing economies tend to be the most sanguine about FDI and the 

widespread benefits it brings to society. Using public survey data, scholars in IPE have found a robust empirical 

association between support for globalization by higher educated and high-skilled groups (Hainsmueller and 

Hiscox 2006, Mayda and Rodrik 2005, Baker 2006), who are almost always rich elites due to limited access to 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
8 Altruism may increase due to anti-western sentiment if citizens view the poor as being exploited by FDI; it may decrease if citizens 
view the poor that works for foreign multinationals as being less patriotic.""
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tertiary education in LDCs.9  Pandya (2010) directly confirms that in developing economies, higher income 

groups are particularly favorable to FDI.        

There are several reasons why the rich are more likely to have a more positive perception of the impact 

of FDI on the poor. First, the rich and the poor may experience FDI differently. In particular, due to their social 

circle, the rich may be exposed to experiences and information that confirms that FDI improves the poor’s 

social mobility. Second, studies rooted in psychology suggest that the upper classes may be less empathetic to 

those in economically dire positions due to social distance (Piff et al 2011, Stellar et al 2012, Mayo and Tinsley 

2009).10 Since their initial giving may be motivated by a sense of obligation or norm compliance rather than 

intrinsic motivation, they may be particularly quick to reduce giving when norms appear to change (Jones and 

Linardi, 2014) or when there are credible excuses to give less (Dana, Weber and Kuang, 2007, Linardi and 

McConnell, 2010). We will therefore test the following hypothesis:  

H2a: The impact of FDI on giving to the poor is more negative for high income individuals than low 

income individuals.  

 

FDI, ideology and redistribution 

A second strand of research suggests that FDI may prompt different reactions to redistribution, 

conditional on core ideological beliefs rather than class. There is solid empirical support that ideology is one of 

the primary determinants of giving to the poor. Liberals view poverty as a function of structural conditions 

beyond individual control (e.g., inheritance, state of the economy, lack of jobs for poor) and hence generally 

support redistribution due to their belief that one cannot escape poverty through hard work alone. 

Conservatives, on the other hand, perceive poverty as the result of laziness and resist redistribution because it 

further dulls incentive for hard work. However, scholars argue that ideology and class interests are synonymous 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
9 For a discussion on  limited access to tertiary education amongst the poor in LDCs, see Glewwe and Kremer 2006, Psacharopoulos 
1994,  Van der Sluis 2005, Jiminez 1986 
10 Extreme generosity amongst wealthy groups exists, but these tend to be a small minority (Auten and Rudney 1990). Even if some 
rich also care about fairness and reciprocity; indeed, most individuals have mixed motives and redistribute less when they have an 
opportunity to do so (Engel 2010, Henrich al 2001, Andreoni 1990). Engel (2010) find that even altruistic subjects give less when 
faced with an opportunity to do so."
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(Van der Waal et al 1990, Meir 2006) making it futile to generate predictions for ideology independently from 

income since conservatives might respond to FDI as the rich would and liberals will respond as the poor 

would.11   

  This distinction is exactly what Piketty (1995) addresses through his theoretical model of the 

coevolution between beliefs about social mobility, income, and preferences for redistribution. Piketty’s (1995) 

model is also uniquely suited for analyzing macroeconomic events that impact social classes differently since it 

allows individuals to hold separate beliefs about the structural conditions that affect the rich from those that 

affect the poor. We use this model to develop testable predictions about the effects of macroeconomic shocks on 

different group beliefs and redistribution preferences.  

We provide the theoretical exposition below. Briefly, Piketty’s model predicts that when the evolution 

of beliefs has reached a steady state, there will be four social classes: rich conservatives, poor conservatives, 

rich liberals, and poor liberals. These classes can be ranked by how strongly they believe that outcomes are 

determined by effort or, conversely, how limiting they believe structural conditions are. Since rich 

conservatives radically discount structural conditions, a relatively sudden and positively perceived change in 

structural conditions surrounding the poor will result in the largest upward revision for this social class, which 

in turn results in the largest reduction in redistribution.   

H2b: The impact of FDI on giving to the poor is the most negative among rich conservatives and the 

least negative among poor liberals.  

 

Theoretical Model 

  According to Piketty (1995), support for redistributive taxation can be modeled as a function of three 

unobserved parameters of social mobility: (1) structural conditions determining the baseline transition 

probability out of poverty for the poor (π0 ∈[0,1]); (2) structural conditions affecting the likelihood that rich will 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
11"The poor through their own material experiences usually emphasize structural, society-wide factors, while the rich prioritize 
individual qualities such as effort and ambition.  "



10"
"

remain out of poverty (π1∈[0,1]); and (3) the relative role of effort (θ).12 Denoting effort as e, the probability 

that the poor escapes poverty is defined as π0+ θe while the probability that the rich remains out of poverty is 

π1+ θe.  

All agents initially share the same principles of distributive justice: unequal opportunities that are 

beyond one's control should be corrected by government redistribution policies in the interest of the needy.  He 

shows that this means that if the true parameters of social mobility (π0, π1, θ) are common knowledge, everyone 

in generation t will vote for the same optimal tax rate τ∈[0,1) to implement in generation t+1:  

 τ t+1 = Ht+1 (π1- π0) / α(y1-y0) θ2 

 Where Ht+1 is the fraction of the population that is rich at time t+1, y1 is the income of the rich and y0 is 

the income of the poor, and α is a constant. What is important is that support for redistribution τ increases with 

larger inequality of opportunities (π1- π0) and decreases with the relative role of effort θ.  

However, in actuality, the true parameters of social mobility (π0, π1, θ) are unknown. Agent i in 

generation t inherits beliefs about these parameters from their parents (µit = (π0it, π1it, θit)) and then chooses 

effort (eit) to maximize her own income (yit) based upon those beliefs. After observing the outcome of her own 

effort in generation t, the agent updates her beliefs about underlying parameters of social mobility to µit+1 using 

standard Bayesian updating and then votes on redistribution. Piketty thus predicts that if agents initially have 

different beliefs about society’s structural parameters, this learning process will result in a situation where:  

(1) beliefs about underlying parameters of social mobility (π0it, π1it, θit) do not ultimately converge to the truth 

(π0*, π1*, θ*), but satisfy the following two equations:  

  π0+ θe(τ,θ) = π0*+ θ*e(τ,θ)  

  π1+ θe(τ,θ) = π1*+ θ*e(τ,θ) 

which are stable because they lead to no contradiction between expectations and experience. This is because 

an individual who puts too much weight on effort (θ>θ*) while putting too little weight on predetermined 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
12"π0 may represent availability and quality of unskilled jobs and the quality of public education while π1 may represent property 
rights and inheritance laws and the quality of private education."
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factors (π0< π0*, π1< π1*) will choose high effort and earn high income, confirming his (incorrect) 

expectations.  The converse is true for individuals who put too little weight on effort while putting too much 

weight on structural factors.  

(2) Let ∆(τ) be the set of all (π0, π1, θ) that satisfy the condition above. In any stable steady state, all individuals 

can be ranked along their position on ∆(τ) from the lowest weight placed on structural conditions π0 and π1 

to the highest: rich conservatives (SH)<rich liberals (UM)<poor liberals (SL), and rich conservatives 

(SH)<poor conservatives (DM)<poor liberals (SL).13 This ranking is a consequence of SH (SL) 

overweighting (underweighting) the role of effort (θ) most and corresponds to increasing support for 

redistribution.  

Since π0
SH < π0

UM < π0
SL and π0

SH < π0
DM < π0

SL, information that structural conditions have improved for 

the poor (π0
FDI  ≥ π*0) will induce the largest upward revision of π0 for rich conservatives and the smallest 

upward revision for liberal poor. Consequently, since an individual ideal tax rate is decreasing in π0, the arrival 

of FDI and the consequent update of improved structural conditions will induce the largest downward revision 

of tax rate for rich conservatives (τSH) and the smallest downward revision for the liberal poor (τSL), with the 

revision of rich liberals and the poor conservatives somewhere in the middle. 

 

3.**Experimental*Design**

*

In an effort to test the proposed hypotheses, we conduct a field experiment in a less developed country.  

Briefly, our design is as follows: we recruited subjects in India to complete surveys and then gave them an 

opportunity to reallocate part of their survey compensation to the poor. All participants were told the same 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
13 Piketty’s model provide more details: rich conservatives or the Stable High (SH) are rich individuals who inherited conservative 
beliefs from the previous (rich) generation while rich liberals or the Upwardly Mobile (UM) are rich individuals who come from 
relatively lower income background  and hence inherited liberal beliefs. Similarly, poor conservatives (Downwardly Mobile/DM) are 
lower income individuals who inherited conservative beliefs from their upper income background and hence while the poor liberals 
(Stable Low /SL) are lower income individual who inherited liberal beliefs from their lower income background. Since we do not 
elicit the generational background of our subjects we cannot say more about the previous generation.  
"
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information about the poor, which includes local industries near the poor; however, a random selection was 

informed that these industries are foreign owned. Participants then decide how much to redistribute.14  We 

chose India because it is a good representation of a developing country that has attracted a large amount of FDI 

in recent times, but continues to struggle with serious poverty challenges. FDI in India also shares some 

interesting characteristics with FDI in other developing countries: substantial FDI is focused on low skill 

industries such as food and garment manufacturing, as well as on high skill industries such as information 

technology (IT). This allows us to assess whether the effect of FDI perception about the opportunity of the poor 

depends on the sector.   

We conducted our experiments during the summer of 2013 – winter 2014. Eight sessions of the 

experiment were conducted with subjects in public locations (e.g. mall, restaurants), workplaces, and university 

classrooms in three different states covering both North and South India (Karnataka, Tamil Nadu, Maharashtra). 

One hundred and sixty three (163) subjects were recruited through classrooms, community meetings, office 

functions, or were approached randomly as they were passing by the surveyor at the mall or restaurant. Two 

sessions were conducted through MTurk, where we had opened the task to only Indian residents and recruited 

another 166 subjects.15  

The activity was explained as a fifteen minute survey about how individuals make decisions about 

money. Participants were told that they would receive a numeric ID with the survey and at the end of the 

session the experimenter would conduct a lottery so that one out of five would receive Rs.1000 (US $16.50) as 

compensation for their time.16 The winners of the lottery could then exchange their ID for an envelope (of cash) 

pre-marked with their ID from a staff member that was unaware of the nature of this project. In total we had 329 

participants in 10 experimental sessions. 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
14"Our method of asking individuals to donate real money has a critical advantage over survey methods.  In surveys, it is costless for 
an individual to profess their support for redistribution on hypothetical questions; not doing so may expose the individual to scorn or 
being labeled uncharitable.    "
15"The subject breakdown is as follows: students (N=55), office workers (N=78), general public (N=30), MTurk workers (Session 1 
(N=62), Session 2 (N=104)).   
16 This amount was the equivalent to 10 times the minimum daily wage in India, which is Rs.100."



13"
"

After participants completed the survey, we informed them that they each had been matched with an 

individual who had been identified and verified by local Indian nongovernment organizations (NGOs) as 

making around the minimum daily wage (Rs.100) last year. Participants could choose to anonymously give part 

of their Rs.1000 survey compensation to this person – their earnings, if they win the lottery, wouldl then be Rs 

1000 minus the amount that they marked as donation. The photos, names, and demographic information of each 

of these individuals were enclosed in folders that were placed in plain view during the experiment but could be 

opened only after the session. We did this in order to"remind the participants that they were giving to real 

people prevent any bias in giving with regards to ethnicity or gender.  

Participants were aware that they would be making redistribution decisions for several scenarios and 

payment would be determined based on a randomly selected scenario.17 We employ a between-subject 

treatment, randomizing individuals in each of the ten sessions into all four treatment groups: Baseline Low 

Skill, FDI Low Skill, Baseline High Skill and FDI High Skill. Subjects in Baseline Low Skill and FDI Low 

Skill were matched with recipients residing near a large US-based food and beverage firm, however, only 

subjects in FDI Low would be told that the firm belongs to a US company. Similarly, subjects in Baseline High 

Skill and FDI High Skill were matched with recipients residing near a large US-based telecommunications firm, 

however, only subjects in FDI High would be told that the firm belongs to a US company.  

The logistical challenges required to 1) truly match subjects with recipients that are verified to be low 

income and living near a US owned firm, and 2) guarantee that the donated funds is transferred to the 

individual, restricted our option of cities, firms, and NGO partners. In the end, our recipients for the Low Skill 

treatment resides near a US owned food and beverage firm in the city of Gurgaon while our recipients for the 

High Skill treatment resides near a US owned telecommunications firm in Hyderabad. To measure the baseline 

level of altruism and ensure that the selection of the city has no effect on redistribution decisions, our first 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
17"This eliminates concerns that a participant would ‘hedge’ across scenarios: for example, if all scenarios would be implemented, one 
who had given a lot in one scenario will then give a little in the next scenario.""
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scenario below presented subjects with just the city of residence and the income level of the recipient.18  We 

will refer to this quantity as Donation 1. Note that participants are always asked to state both their donation and 

their take home pay in every giving decision to confirm that they understood the decision problem.  

 
You$have$Rs.$1000.$$The$person$in$the$picture$(Person$A)$resides$in$(city$name)$and$made$only$Rs.$100/day$last$
year.$$$How$much$do$you$want$to$give$to$Person$A?$

Your*answer:$

(1)"I$would$like$to$donate$Rs.$________$to$Person$A."

(2)"Your$take$home$compensation:$$$

Rs.1000$–$your$donation$to$Person$A.$=$Rs_____$

 The second scenario applies the treatments. Here participants are given more information about the local 

industry near the recipient before being asked to restate the amount they want to give. For example, participants 

in the Low Skill Baseline group would view the following message:  

You$have$Rs.$1000.$The$person$in$the$picture$(Person$A)$resides$in$(city$name)$$$and$made$only$Rs.$100/day$last$
year.$$$There$is$a$food$and$beverage$industry$close$to$Person$A’s$neighborhood.$The$firm$employs$more$than$100$
workers$and$has$low$skilled$workers.$$Based$on$this$information,$how$much$do$you$want$to$give$to$Person$A?$

The Low Skill FDI group received identical information, except for the second sentence, which was modified to 
the following:   

$ There$is$a$food$and$beverage$industry$owned$and$operated$by$a$US$company$close$to$Person$A’s$$neighborhood.$$

The phrase “owned and operated by a US company” constituted our entire experimental treatment. Participants 

assigned to the high-skill industry treatment received identical information except for the name of the city 

(Hyderabad instead of Gurgaon) and the industry (telecommunications instead of food and beverage). We will 

refer to the amount donated here as Donation 2; this is our dependent variable of interest.  

  $

4.**Experimental*Results*

 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
18"Participants are always asked to state both their donation and their take home pay in every giving decision to confirm that they 
understood the decision problem."
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 Among our 329 subjects, 301 provided responses to both the basic demographic survey and the two 

donation scenarios. Table 1 below presents the summary statistics for these 301 subjects.19 Overall about 32% 

of subjects are female and 59% of them are liberals (believe that people are poor due to luck). The average age 

is 30 years old with a large range of ages (subjects range between 17 and 80 years old).  The average initial 

giving (donation1) before the treatments is quite high at Rs. 327, about 33% of the total endowment.  

Randomization into the four treatments appears to work: there is no statistically significant difference in any of 

these attributes between treatments. The city names do not appear to affect giving as well: average donation to 

recipients in Gurgaon is Rs.326, while average donation to recipients in Hyderabad is Rs.327.  We therefore 

conclude that whatever differences we see between the Low Skill treatment and the High Skill treatment is 

coming from the treatments and not from the city names.  

Table 1 here*

 In Table 2 we explore our results using a regression model. All the regressions below include session 

fixed effects and utilize heteroskedastic robust standard errors. In Model 1, we regress Donation 1 against 

treatment dummies (FDI, High skill, and FDIxHigh) along with demographic variables. The coefficients on the 

treatment dummies confirm the findings from Table 1 that there is no difference in initial altruism across the 

four treatments. As we would expect from previous literature, unlucky is positive and significant, suggesting 

that liberals are more supportive of giving to the poor than conservatives. Female and age do not appear to 

predict initial altruism.  

Table 2 here 

 After investigating the determinants of initial giving (donation 1), we now move on to Model 2 to 

investigate how giving changes after the treatments (donation 2). It appears that the description of the industry 

near the recipient has an effect on the giver’s generosity. The coefficients on the treatment dummies indicate 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
19 For the ideology question we ask “Why do you think the person in the picture (Person A) was making only Rs.100 a day?” 
Participants choose between: “Person A does not like to work hard” and “Person A is unlucky and born to a poor family”. 
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that relative to the Baseline Low treatment, giving in the FDI Low Skill treatment is Rs 71.27 lower, giving in 

Baseline High Skill is Rs 81.09 lower, and giving in FDI High is Rs -81.09+126.8 = 45.71 higher than giving in 

Baseline Low. When we regress the Low skill and High skill treatments separately, we see that the marginal 

effect of FDI framing is negative and significant effect in the Low skill treatment (Model 3) but not in the High 

skill treatment (Model 5).  Controlling for subjects’ initial donation significantly improves the fit of the model 

and the precision of the FDI coefficient, resulting in a highly significant negative effect of FDI framing in Low 

(Model 4, p<0.05) and weakly significant positive effect in High (Model 6, p<0.10).  

The effect of the FDI framing can be better seen in the kernel density plot of donation 2 (Figure 1). In 

the left panel (Low skill treatments), we can see that the light line (FDI) spikes high above the dark line (Base) 

at low contribution levels. This indicates that FDI framing in the low skill sector decreases average giving to the 

poor by increasing the frequency of smaller donations. On the other hand, the two lines in the right panel (High 

skill treatments) mostly overlap each other throughout all donation levels, suggesting that FDI framing makes 

little difference on generosity to the poor living near the high skill sector.    

Figure*1*here 

" Our first result can therefore be stated as follows:"FDI framing reduces giving to the poor only in the 

Low skill treatment and not in the High skill treatment. As far as we know, this is the first result that establishes 

a causal link between FDI and ordinary citizens’ attitudes towards the poor. Furthermore, this result suggests 

that in LDC, the mechanism of this micro-behavioral change does not come from a general change in sentiment 

due to the presence of foreign firms (e.g a rise in anti-western/anti-imperialist attitudes). Instead, the sectoral 

specific impact of the FDI treatment is consistent with our hypothesis that the change in giving is driven by 

consideration of the economic opportunities of the poor. 

We now investigate whether the impact of FDI framing is uniform across all subjects or is mediated by 

income and ideology. Applying Piketty (1995) model to this setting, we had predicted that the reduction in 

giving due to FDI would have been driven by high income conservatives. Ex ante, it is also possible that 
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ideology would not matter – high income individuals might have been giving due to feelings of obligation 

which may no longer feel as pressing with the presence of FDI.  

For our measure of ideology, we follow the convention in the literature and consider the individual to be 

liberal if unlucky is 1 and conservative if unlucky is 0. Recall that unlucky is a binary variable that is 1 if an 

individual thinks that poverty is due to luck and is 0 if the individual thinks that it is due to laziness. For our 

measure of income, we use a question from the World Values Survey that asks individuals to rank their income 

relative to others, with 1 being the lowest and 10 being the highest. To make it easier to focus on high income 

individuals, we recode the responses into a variable (negincome) which is 1 if one considers himself very rich 

and 10 if one considers himself very poor. To explore the impact of FDI on Piketty’s four social classes (rich 

conservatives, poor conservatives, rich liberals and poor liberals), we also define a binary variable notrich that 

is 1 if an individual considers themselves at or below average wealth (negincome is 5-10). 

Figure 2 here 

Figure 2 provides an initial breakdown on the effect of FDI on donation2 when we separate subjects by 

ideology (Left panel) or income (Right panel).  The four bars illustrate the mean giving in the four treatments 

with the 95% confidence interval. In the left panel, the leftmost group of bars shows that giving is pretty much 

constant around Rs 300 across all four treatments for liberals (Left Wing). However, we can see clearly that 

giving among the conservatives (Right Wing) is sensitive to the treatments, dropping significantly between 

Base Low and FDI Low, remaining low in Base High, and increasing for FDI High.  In the right panel, we can 

see that when we split the sample by notrich, both income levels reduces their giving with the FDI framing in 

the low skill sector. The reaction to the high skill sector appears to depend on income: while the lower income 

give similarly in both high skill treatments (Base High and FDI High), the upper income give similarly without 

FDI framing (Base Low and Base High) but reduce giving with FDI framing in the low skill sector and increase 

reduce giving with FDI framing in the high skill sector.  This may be because upper income Indians are often 

employed in the high skill sector and are hence sophisticated about differentiating domestic and foreign 
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technology firms, while lower income Indians, who are less familiar with technology, view all high tech firms 

similarly.  

In Table 3 and 4, we employ regression models to more carefully investigate the heterogeneous effect of 

FDI on income and ideology. Table 3 focuses on the low skill sector.  We first check if income is randomly 

distributed across the Baseline Low and FDI Low treatment in Table 1 by using negincome as a dependent 

variable. The result suggests that there is no difference in income between the two treatments – subjects on 

average considers themselves slightly better off than average (4.7). We then revisit the determinants of initial 

giving (donation1) and post-treatment giving (donation2) with the negincome.20 We see that initial giving is 

smaller for individuals who consider themselves poorer (Model 2) but conditional on the amount initially given, 

whereas an extra step down the income ladder makes one less likely to further reduce her giving from the initial 

amount, probably because the initial amount was smaller (Model 3). As we have seen before, liberals initially 

give more, but ideology does not determine how much one changes her giving from donation 1 to donation 2. 

We also find that the negative effect of FDI is not only robust, but also increases in magnitude with this 

additional income control.  

Model 4 demonstrates that the findings from Model 3 hold using notrich variable. Model 5 examines the 

effect of the FDI framing on the social classes. To do so we interact both notrich and unlucky with the FDI 

treatment dummy. The coefficient on FDI is now the effect of FDI on rich conservatives: a reduction in giving 

of Rs 121.1 (p<0.05). The impact of FDI on poor conservatives is a reduction in giving of Rs 103.9 (-

121.1+17.15), which is significant at the 15% level. On the other hand the changes in giving induced by FDI for 

rich liberals and poor liberals (-40 and -22, respectively) are statistically indistinguishable from 0. This result 

suggests that consistent with the prediction we derived from Piketty’s model, the conservatives, especially rich 

conservatives, are most affected by the FDI framing.   

 

Table 3 here 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
20"See Table 2 Model 3 and 4. "
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 In Table 4, we conducted the same investigation to see if the effect of FDI framing in the high skill 

sector was driven by income or ideology. As we noted earlier, the effect of FDI on the high skill sector is much 

less precisely estimated. Ideology does not appear to mediate the effect of FDI on giving here, but income 

appears to have a positive effect. This may be due to the fact that many of the upper income Indians have 

benefited tremendously from growth on the foreign IT sector in India. The FDI treatment in the high skill sector 

may induce higher generosity from these individuals. "

Table 4 here 

*

5.*World*Values*Survey*

*

 Having established that 1) the presence of FDI in the low skill sector can decrease the willingness of our 

Indian subjects to give to the poor, and that 2) the upper income conservatives appear to be most sensitive to our 

FDI framing, we now turn to the World Values Survey.  Though our cross country regressions can establish 

only correlation but not causation, it allows us to investigate the relationship between FDI and support for pro-

poor policies in developing countries in a much larger and varied sample. 

Starting from the 1970s, the World Value Survey has interviewed individuals across the world, asking 

questions about a wide range of issues, including support for redistribution. We use the question “How much is 

the government doing against poverty?” which was asked in 1990, 1995, and 1999. The responses from 40608 

individuals in 27 developing countries range from for 1 for Too Much to 3 for Too Little, with a mean of 2.74 

(govpovlittle). To check robustness, we also define a binary variable govtoolit that is 1 when the response to the 

question is “Too Little” and 0 otherwise. govtoolit is positive for 77% of respondents. 

 Our main independent variable is FDI as a proportion of GDP (fdigdp), and more specifically, the 

change in FDI as a proportion of GDP. Since FDI was available for 1990 and 1995, a period where FDI 

investment was concentrated on lower skill sector, the variable ∆fdi  reflects the increase in FDI as a proportion 
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of GDP from 1995 to 1990. While fdigdp is available for 27 LDCs that were surveyed with the question above, 

∆fdi can only be computed for 11 countries. On average FDI makes up 3.2% of GDP of LDC in the 1990s, but 

the period of 1995 to 1990 saw this number increase by 1.8%, representing a 150% growth in FDI as a 

proportion of GDP. Table 5 lists the summary statistics for our main variables as well as country level and 

individual level control variables.  

Table 5 here 

"

 Table 6 displays the result of our cross-country regression. Since the responses are on the scale to 1-3 

with larger number indicating more support for pro-poor policies, Model (1)-(5) employ the ordered logit 

model. The fixed effects model is not appropriate here due to multicollinearity with country level control 

variables. Individual level and country level control variables are included in all models. In Model (1) we 

regress govpovlittle against fdigdp. We find that the coefficient on fdigdp is negative and significant, suggesting 

that respondents from countries with higher levels of FDI as a proportion of GDP are less demanding that  their 

government takes more action against poverty. In Model (2)-(5) we use change in country level conditions 

whenever available, switching out fdigdp for ∆fdi, tradegdp for ∆trade, and lngdpcap for gdpcapgrowth. Again 

we find that FDI is negatively correlated with support for the poor: countries that have experienced a larger 

growth in FDI between 1990 and1995 are less demanding of action against poverty in 1995. Overall, Model (1) 

and (2) appear to support our first hypothesis.  

Table 6 here 

 We now investigate our second hypothesis: is the correlation between change in FDI and demand for 

government action against poverty mediated by income and ideology? As in Table 3 and 4, we use negincome 

and unlucky to represent income and ideology, and interact them with the FDI.21 The coefficient on ∆fdi in 

"""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""
21 Recall that we reverse the coding of the WVS survey question on income to negincome, where 1 indicates being at the highest level 
and 10 being at the lowest level. 
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Model (3) now reflects the correlation between the increase in FDI and support for pro-poor policies for 

individuals with highest income while the coefficient on ∆fdi in Model (4) represents the effect for 

conservatives. In Model (5) we interact both negincome and unlucky with FDI, leave the coefficient on FDI to 

represent the effect of the rich conservatives. Model (6) is identical to Model (5) except that the dependent 

variable is now the binary variable govtoolit. Throughout Model (3) to (6) we observe that the coefficient on 

FDI is always negative while the coefficient on the interactions (∆fdi x negincome, ∆fdi x unlucky) are always 

positive. This suggests that the change in FDI is correlated with less support for the poor among the upper 

income and the conservatives, but not among the lower income and the liberals.  

We summarize the effect of FDI on support for the poor across the four social classes in Table 7 below. 

This table lists the linear combination of the demographic variable of interest and their interactions with 

changes in FDI. The coefficient for the WVS results is derived from the linear probability model in Table 6 

Model 6, while the coefficients for low skill and high skill are derived from Table 3 Model 5 and Table 4 Model 

5, respectively. While we did not expect the high skill results, the results from the WVS and the Low Skill 

treatment in the experiment paints a picture consistent with the prediction of Piketty’s model. FDI reduces 

support for the poor most among upper income conservatives and least among lower income liberals – it is 

statistically indistinguishable from zero in the experiment and even positive and significant in the WVS.  

 

Table 7 here 

"

5. Conclusion  
 

Does FDI (foreign direct investment) affect redistribution preferences in developing economies? To 

answer this, we designed a field experiment in India where survey takers can donate part of their compensation 

to the poor living near foreign-owned firms. Our experimental treatment isolates the impact of FDI by varying 

whether we omit or include this foreign ownership in the description of the firm. We test for the impact of FDI 
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in two types of industries: one that is associated with low skill workers (food and beverage) and one that 

commonly employs high skill workers (information technology / telecommunication).   

 We find that while mentioning foreign ownership does not decrease contributions to the poor in the 

high skill sector, it decreases contributions to the poor significantly when the firm is in the low skill sector.  

Furthermore, we find that the reduction was driven by upper income conservatives, confirming the prediction 

we derived from applying Piketty’s (1995) model of social mobility beliefs  to this setting.  Our empirical 

evidence from cross country regression supports these findings: World Values Survey responses from twelve 

developing countries confirm that increases in FDI is negatively correlated with citizen’s demand that 

government does more for poverty. This decrease in support for the poor is driven by upper income 

conservatives; in contrast, poor liberals actually demand more pro-poor policies with the increase in FDI.  

Our findings are critical from a practical and theoretical standpoint.   First, our analysis lays bare 

some of the micro foundations of the impact of globalization on changing redistribution patterns by being the 

first to apply and test Piketty’s (1995) seminal model to this question. In doing so, we help bridge a gap 

between the experimental and behavioral literature and the international political economy literature. Second, 

our analysis also represents a clear departure from conventional wisdom (based mainly on research in OECD 

nations) which assumes that globalization automatically translates into greater demands for redistribution 

(Rodrik 1996, Garrett 1998).   We are the first to test this hypothesis in developing economies, and discover that 

the globalization-redistribution support link in advanced industrialized economies functions differently in 

developing nations. We hereby provide a missing piece of the puzzle for why previous research has found that 

LDC governments have been lowering government welfare assistance concomitant with globalization: our 

results suggest that demand for poverty reduction has been decreasing in response to the growth of FDI, 

especially among the conservatives and the upper income groups.  

 

"

"
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Tables*and*Figures*

Figure*1*Kernel*density*estimate*of*donation*2"in"Low"Skill"treatments"(Left"panel)"and"High"Skill"treatments"(Right"
panel).""

"
"

"

"

"

"

"

 
 
 
 
 
 
Figure 2. Mean giving in all treatments by ideology (Left) and by income (Right) 
Note:"Left"wing"(unlucky$="1),""Lower"income"(notrich"="1)""

" "
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Table*1:*Summary*statistics*

Base Low           
Variable Obs Mean Std. Dev. Min Max 
  

    
  

female 74 0.38 0.49 0 1 
age 74 32.30 11.76 16 69 
unlucky 74 0.58 0.50 0 1 
donation1 74 341.82 297.23 0 1000 
  

    
  

FDI Low           
Variable Obs Mean Std. Dev. Min Max 
  

    
  

female 79 0.34 0.48 0 1 

age 79 34.35 12.12 18 87 
unlucky 79 0.59 0.49 0 1 
donation1 79 314.81 290.82 0 1000 
            
Base High 

    
  

Variable Obs Mean Std. Dev. Min Max 
  

    
  

female 74 0.31 0.47 0 1 
age 74 31.81 9.61 17 58 
unlucky 74 0.59 0.49 0 1 
donation1 74 322.50 302.87 0 1000 
  

    
  

FDI High           
Variable Obs Mean Std. Dev. Min Max 
  

    
  

female 74 0.27 0.45 0 1 
age 74 30.28 9.32 17 66 
unlucky 74 0.59 0.49 0 1 
donation1 74 331.49 286.75 0 1000 
*

* *
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*

Table*2:*Determinants*of*giving*to*the*poor**

 donation1 donation2 
  (1) (2) (3) (4) (5) (6) 
VARIABLES All All Low Low High High 
              
FDI -21.39 -71.27* -76.84* -59.70** 58.00 44.33* 

 
(44.02) (41.18) (41.39) (29.76) (42.00) (22.65) 

High -26.30 -81.09** 
    

 
(43.46) (39.52) 

    FDIxHigh 41.61 126.8** 
    

 
(63.91) (58.17) 

    unlucky 79.96** 89.88*** 86.67* 13.59 93.92** 68.59*** 

 
(32.01) (27.62) (44.43) (32.64) (36.53) (21.24) 

age 0.108 0.207 0.611 0.0983 -0.731 -0.0396 

 
(1.587) (1.594) (2.191) (1.411) (2.269) (1.226) 

female -5.025 7.293 -37.21 -16.40 58.03 42.47 

 
(34.14) (31.66) (46.27) (38.33) (43.90) (37.32) 

donation1 
   

0.631*** 
 

0.716*** 

    
(0.0829) 

 
(0.0659) 

Constant 557.9*** 493.3*** 619.7*** 226.3** 286.3** -55.56 

 
(114.3) (112.4) (151.9) (106.9) (143.5) (70.11) 

       Observations 301 301 153 153 148 148 
R-squared 0.195 0.166 0.209 0.564 0.185 0.726 

 

* *
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Table*3:*Low*Skill*

  (1) (2) (3) (4) (5) 
VARIABLES negincome donation1 donation2 donation2 donation2 
            
fdi 0.0148 -43.19 -62.35** -60.85* -121.1** 

 
(0.304) (46.22) (30.72) (30.92) (59.24) 

negincome 
 

-22.40** 27.71*** 
  

  
(10.93) (10.41) 

  notrich 
   

80.30** 73.42 

    
(30.98) (48.07) 

notrichxfdi 
    

17.15 

     
(68.59) 

unluckyxfdi 
    

80.95 

     
(70.56) 

unlucky 0.119 109.2** 13.85 11.87 -29.25 

 
(0.311) (47.14) (32.97) (32.41) (51.13) 

age -0.0233 -1.120 0.232 0.155 0.305 

 
(0.0153) (2.364) (1.529) (1.506) (1.491) 

female -0.123 -29.77 -8.183 -8.410 -10.36 

 
(0.303) (45.15) (38.89) (38.79) (39.02) 

donation1 
  

0.648*** 0.625*** 0.610*** 

   
(0.0858) (0.0839) (0.0870) 

Constant 4.751*** 784.5*** 92.73 196.8* 232.2* 

 
(0.790) (141.7) (120.0) (110.4) (119.4) 

      Observations 144 144 144 144 144 
R-squared 0.094 0.260 0.593 0.585 0.591 
"

* *



27"
"

*

Table*4:*High*skill*

  (1) (2) (3) (4) (5) 
VARIABLES negincome donation1 donation2 donation2 donation2 
            
fdi -0.0747 14.40 39.57* 38.01 72.61* 

 
(0.277) (45.90) (22.87) (23.30) (40.49) 

negincome 
 

-7.256 -6.299 
  

  
(12.54) (6.652) 

  notrich 
   

-24.99 4.758 

    
(26.59) (47.91) 

notrichxfdi 
    

-55.30 

     
(57.02) 

unluckyxfdi 
    

-0.224 

     
(47.47) 

unlucky 0.0960 76.51* 65.16*** 69.55*** 66.95* 

 
(0.312) (42.85) (21.92) (23.27) (34.19) 

age -0.00321 -1.705 -0.294 -0.170 -0.130 

 
(0.0189) (2.111) (1.197) (1.177) (1.204) 

female 0.0783 -4.082 29.63 31.32 33.47 

 
(0.344) (49.87) (39.55) (40.59) (39.46) 

donation1 
  

0.722*** 0.717*** 0.721*** 

   
(0.0762) (0.0760) (0.0732) 

Constant 4.691*** 570.4*** -10.98 -30.49 -53.56 

 
(0.818) (199.5) (83.02) (82.04) (79.99) 

      Observations 141 141 141 141 141 
R-squared 0.066 0.273 0.738 0.739 0.741 

 

" "
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Table*5:*Summary*statistics**

Variable Obs Mean 
Std. 

Dev. Min Max 
     

WVS response     
govpovlittle 27 2.74 0.16 2.33 2.94 
govtoolittle 27 0.77 0.14 0.41 0.94 
            
Country level variables       
fdigdp 27 3.24 3.86 0.20 20.42 
tradegdp 27 67.44 34.81 15.67 148.01 
lngdpcap 27 7.52 1.06 5.67 9.27 
employ 27 54.81 7.27 40.15 75.73 
polty2 27 4.28 5.39 -7.00 10.00 
∆fdi 11 1.79 1.24 -0.03 3.66 
∆trade 15 14.10 16.82 -8.34 58.49 
gdpcapgrowth 27 2.84 3.51 -5.96 8.38 

            
Individual level variables 

  
  

age 40608 40.04 15.22 16.00 93.00 
female 40608 0.51 0.50 0.00 1.00 
children 40608 1.88 1.67 0.00 8.00 
income 40608 4.31 2.46 1.00 10.00 
job 40608 0.39 0.49 0.00 1.00 
"

" "



29"
"

"

Table*6:*World*Values*Survey*(1995)*results*from*developing*countries*

"“How much is the government doing against poverty?” (1 (Too Much) - 3 (Too Little))"

govpovlittle Ologit LPM 
  (1) (2) (3) (4) (5) (6) 

VARIABLES 
     

govtoolit  
            (govpovlittle==3)  

fdigdp -0.0411** 
     

 
(0.0163) 

     ∆fdi 
 

-0.144*** -0.233*** -0.196*** -0.275*** -0.0678*** 

  
(0.0185) (0.0381) (0.0203) (0.0389) (0.00859) 

negincome -0.00370 0.0181** -0.0108 0.0144* -0.0118 -0.00340 

 
(0.0184) (0.00743) (0.0135) (0.00748) (0.0135) (0.00278) 

unlucky 1.204*** 0.551*** 0.544*** -0.0393 -0.0373 -0.0137 

 
(0.218) (0.0595) (0.0595) (0.106) (0.105) (0.0203) 

∆fdi x 
negincome   0.0170***  0.0154** 0.00384*** 

   (0.00652)  (0.00653) (0.00143) 
∆fdi x unlucky    0.358*** 0.353*** 0.0635*** 

    (0.0582) (0.0583) (0.0104) 
tradegdp 0.000282 

     
 

(0.00454) 
     polty2 0.0128 -0.0197*** -0.0201*** -0.0218*** -0.0221*** -0.00438*** 

 
(0.0226) (0.00428) (0.00428) (0.00435) (0.00435) (0.000829) 

lngdpcap -0.0584 
     

 
(0.125) 

     employ -0.0345 -0.00340 -0.00495* -0.00198 -0.00341 -0.000674 

 
(0.0214) (0.00283) (0.00290) (0.00286) (0.00292) (0.000567) 

age -0.00120 -0.000636 -0.00104 -0.000783 -0.00114 -0.000280 

 
(0.00241) (0.00154) (0.00155) (0.00154) (0.00155) (0.000296) 

female 0.0783** 0.0498 0.0472 0.0505 0.0482 0.00925 

 
(0.0313) (0.0362) (0.0363) (0.0363) (0.0363) (0.00709) 

children -0.0315 -0.0590*** -0.0561*** -0.0579*** -0.0552*** -0.0105*** 

 
(0.0211) (0.0114) (0.0114) (0.0114) (0.0114) (0.00227) 

job 0.0208 -0.0853** -0.0884** -0.0861** -0.0889** -0.0179** 

 
(0.0676) (0.0381) (0.0381) (0.0381) (0.0381) (0.00757) 

∆trade 
 

0.00601*** 0.00632*** 0.00186 0.00220 0.000379 

  
(0.00192) (0.00192) (0.00203) (0.00203) (0.000391) 

gdpcapgrowth 
 

-0.121*** -0.116*** -0.116*** -0.112*** -0.0258*** 
  (0.00850) (0.00867) (0.00859) (0.00876) (0.00184) 

       Observations 40,608 15,946 15,946 15,946 15,946 15,946 
# countries 27 11 11 11 11 11 

"

* *
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Table*7: Marginal effect of FDI on agreeing with "gov do too little" (WVS) and on donating to the poor 
(experiment)"

    WVS pval Low skill pval High skill pval 
upper income 
conservative  -0.07 0 -121.1 0.04 72.6 0.08 
low income 
conservative -0.03 0 -103.9 0.14 17.3 0.70 
upper income liberals 0.00 0.723 -40.1 0.42 72.4 0.21 
low income liberals 0.03 0.002 -22.9 0.66 17.1 0.56 
"

"
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